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价崩盘归因于公司内部管理层对坏消息的隐藏(Jin 和 Myers，2006［1］;Kothari 等，2009［2］;Hutton
等，2009［3］) ，并认为管理者过度自信(Kim 等，2016)［4］、国家层面的宗教信仰(Callen 和 Fang，
2015)［5］、法律保护(Jin和 Myers，2006)［1］等会影响管理层隐藏坏消息，进而影响股价崩盘风险。
















































































































































































周收益率少于 30 个的观测值; (3)剔除相关变量数据缺失的观测值。根据以上标准，最终获得







通过模型(1)剔除市场因素对个股收益率的影响。模型(1)中，ri，t为公司 i 的股票在第 t 周的
收益率;rM，t为市场在第 t周的加权平均收益率;残差 εi，t表示个股收益率中不能被市场收益率波动
所解释的部分。本文将 Wi，t = ln(1 + εi，t)定义为公司的周特有收益率。
ri，t = αi + β1 rM，t －2 + β2 rM，t －1 + β3 rM，t + β4 rM，t +1 + β5 rM，t +2 + εi，t (1)
第一个衡量股价崩盘风险的指标为负收益偏态系数(negative conditional return skewness) ，计
算方法如公式(2)所示。其中，n为股票 i在第 t年中交易的周数;NCSKEW 越大，说明公司股票收
益率偏态系数负的程度越高，股价崩盘风险越大。
NCSKEWi，t = －［n(n － 1)
3 /2∑W3i，t］/［(n － 1) (n － 2) (∑W2i，t)3 /2］ (2)
第二个计量股价崩盘风险的指标为公司股票收益率上下波动的比率，记为 DUVOL。算法如公式
(3)所示。其中，nu 为股票 i的周回报率高于(Up)当年回报率均值的周数，nd 为股票 i的周回报率低
于(Down)当年回报率均值的周数。DUVOL越大，表示收益率左偏的程度越大，股价崩盘风险越高。









(分别用 i和 j表示)在 t季季末至少有一次共同重仓(占各自仓位的 5%以上)持有一家公司的股





















桥梁的作用，促使他们进行信息交流与资源交换;计算公式为:bi =∑j ＜ kPijk /Pjk，其中，Pijk表示机构 j








源交换的速度更快，也更容易获得信息和资源;计算公式为:Closenessi =(N － 1)/∑
N
j = 1d(i，j) ，其中，
d(i，j)为机构 i与 j的最短路径长度，表示机构 i与所有其他机构最短距离之和，并用 N － 1 进行标
准化，以控制网络规模的影响。
根据以上六个指标分别计算网络中心性最强的机构投资者的网络中心性(FirstCentralityi，t) ，










CrashＲiski，t +1 = β0 + β1 × Centralityi，t + γ × ControlVariablesi，t + εi，t (4)
其中，CrashＲiski，t + 1分别由股票 i第 t + 1 年的 NCSKEW和 DUVOL来度量，Centralityi，j，t代表 t年
年末持有股票 i 的机构投资者 j 的网络中心性指标变量，然后用 FirstCentralityi，t 和








表 1 列出主要变量的描述性统计结果。NCSKEW 的均值和标准差分别为 － 0. 255 和 0. 664，













变量 样本数 平均值 标准差 最小值 中位数 最大值
NCSKEWt +1 15050 － 0. 255 0. 664 － 2. 311 － 0. 219 1. 500
DUVOLt + 1 15050 － 0. 174 0. 470 － 1. 371 － 0. 171 1. 021
diffDegreet 12576 0. 197 0. 123 0. 014 0. 170 0. 740
diffIndegreet 12576 0. 125 0. 082 0. 003 0. 110 0. 397
diffOutdegreet 12576 0. 246 0. 169 0. 002 0. 232 0. 625
diffBetweennesst 12576 0. 014 0. 021 0. 000 0. 005 0. 097
diffEigenvectort 12576 0. 011 0. 012 0. 000 0. 007 0. 079












力越强，对股价崩盘风险的负向影响越大，回归结果支持假设 H3。回归结果如表 2 所示。
表 2 网络中心性最强的机构投资者和其他机构投资者的网络中心性与股价崩盘风险
变量
(1) (2) (3) (4) (5) (6)
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续表 2
变量
(1) (2) (3) (4) (5) (6)



























Year、Industry Yes Yes Yes Yes Yes Yes
N 12576 12576 12576 12576 12576 12576
F 40. 661 44. 132 43. 914 42. 414 39. 984 41. 559
adj-Ｒ2 0. 078 0. 082 0. 082 0. 078 0. 077 0. 079
注:＊＊＊、＊＊、* 分别表示在 1%、5%和 10%水平上显著;括号中是使用 White(1980)［43］调整后的公司聚类稳健标准误计算的 t
值;Controls表示未报告的控制变量;限于篇幅，未报告 DUVOLt + 1和控制变量的回归结果
资料来源:本文整理
(2)网络中心性最强的机构投资者与其他机构投资者的网络中心性差异与股价崩盘风险。在





来的崩盘风险越大，回归结果支持了假设 H2。回归结果如表 3 所示。
表 3 网络中心性最强的机构投资者与其他机构投资者的网络中心性差异与股价崩盘风险
变量
(1) (2) (3) (4) (5) (6)
























(1) (2) (3) (4) (5) (6)














Year、Industry Yes Yes Yes Yes Yes Yes
N 12576 12576 12576 12576 12576 12576
F 42. 116 45. 337 44. 542 43. 340 41. 480 42. 981
adj-Ｒ2 0. 0780 0. 0820 0. 0810 0. 0780 0. 0770 0. 0790



















(1) (2) (3) (4) (5) (6)
























(1) (2) (3) (4) (5) (6)

































Year、Industry Yes Yes Yes Yes Yes Yes
N 8002 8002 8002 8002 8002 8002
F 21. 68 23. 43 24. 06 22. 43 21. 21 22. 20
adj-Ｒ2 0. 063 0. 067 0. 068 0. 063 0. 062 0. 064
注:＊＊＊、＊＊、* 分别表示在 1%、5%和 10%水平上显著;Controls表示未报告的控制变量
资料来源:本文整理
























(1) (2) (3) (4) (5) (6)



















































Year、Industry Yes Yes Yes Yes Yes Yes
N 11073 11073 11073 11073 11073 11073
F 71. 783 78. 009 71. 878 75. 958 71. 920 72. 366
adj-Ｒ2 0. 308 0. 333 0. 313 0. 326 0. 304 0. 311







的 F统计量的值基本大于 10，表明基本上可以拒绝弱工具变量的假设;从 Hansen J-statistic 的过度
识别检验的 P值来看，所有 P值均明显大于 10%，说明不能拒绝所有工具变量均外生的原假设，即
361






风险负相关，符合假设 H1、假设 H3 的预期;网络中心性最强的机构投资者与其他机构投资者的网
络中心性差异与股价崩盘风险正相关，符合假设 H2 的预期。


















































Partial-Ｒ2 0. 006 0. 005 Partial-Ｒ2 0. 004
Ｒobust F-statistic
(instruments) 16. 204 13. 036
Ｒobust F-statistic
(instruments) 9. 558
F-statistic p-value 0. 000 0. 000 F-statistic p-value 0. 000
Hansen J-statistic 0. 026 Hansen J-statistic . 012
p-Value 0. 987 p-Value 0. 911















这表明，研究假设 H1 ～假设 H3 在延长预测窗口后还是成立的。
CrashＲiski，t +2 = β0 + β1 × Centralityi，t + γ × ControlVariablesi，t + εi，t (5)


































N 7198 7198 5631 5631 7105 7105 7198 7198
F 25. 683 26. 474 13. 747 14. 217 17. 357 17. 886
adj-Ｒ2 0. 089 0. 089 0. 066 0. 066 0. 058 0. 058
Pseudo-Ｒ2 0. 046 0. 045







入行业因素后得到模型(6) ，重新计算股价崩盘风险的两个指标 NCSKEWt + 1和 DUVOLt + 1，对研究
假设 H1 ～假设 H3 进行检验。
ri，t = αi + β1，i rind，t －1 + β2，i rm，t －1 + β3，i rind，t + β4，i rm，t + β5，i rind，t +1 + β6，i rm，t +1 + ε
'
i，t (6)












股价未来的崩盘风险。具体来说，本文以 2003 － 2015 年我国非金融类上市公司为样本，用机构投
561
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郭晓冬，柯艳蓉，吴晓晖 坏消息的掩盖与揭露:机构投资者网络中心性与股价崩盘风险
The Cover-up and Disclosure of Bad News:Institutional
Investor Network Centrality and Stock Price Crash Ｒisk
GUO Xiao-dong，KE Yan-rong，WU Xiao-hui
(School of Management，Xiamen University，Xiamen，Fujian，361005，China)
Abstract:According to the related literatures about stock price crash risk，it’s generally believed that stock price collapse is
due to managers’hiding bad news about listed company. Managers will hide corporate bad news for career and short-term
pay attention. Once it reaches a certain threshold after a long-term accumulation of bad news，the management will give up
hiding which results in that all of the negative news releasing to the market，then leading to collapse. For the process of
managers to hide bad news，a large number of literaturesanalyze stock price collapse mechanism and its affecting factors，and
have obtained many important research results，such as managers overconfidence，national religion level，legal protection
affecting managers’hiding the bad news，then leading to stock price crash risk. As for the relationship between institutional
investors and stock price crash risk，it’s mainly studied in institutional investors’supervision and myopic effect，share price
bubble driving and piercing，conspiring to hide bad news with the top management，herding behavior，and so on. As far as we
know，there is little literature from bad news release process to analyze institutional investors' impact on stock price crash risk.
Base on the perspective of bad news’releasing process，we take China’s A-Share non-financial listed companies
between 2003 and 2015 as our sample and compute the institutional investor network link by using any two institutional
investors who at least have one common heavy warehouse stock to investigate the impact of institutional investors network on
stock price crash risk. By our study，we have discovered that，the network centrality of the most central institutional investor
and the network centrality difference between he and other relatively peripheral Institutional investors are positively related
to stock price crash，with covering up bad news for private benefits by institutional investor network;however，the network
centrality of other all relatively peripheral institutional investors is negatively related to stock price crash，with disclosing bad
news to trade timely for avoiding massive loss as trading so late until the collapse of the stock price using institutional
investor network. After the problems such as the nature of being internal has been controlled，the above-mentioned
conclusion is still correct.
The marginal contributions of this study mainly include the following aspects. Firstly，it’s the first time to study the
impact of institutional investors’network centricity on stock price crash risk，which enrich the mechanism about institutional
investors affecting stock price crashand extend the research of the influence factors of stock price crash risk. To the best of
our knowledge，there is little literature from bad news release process to explore the mechanism about impact of investors on
stock price crash risk. This paper uses social network analysis method to measure the network location of institutional
investors，then study how the institutional investors affect stock price crash by their network. From our research，we have
discovered thatthe network centrality of the most central institutional investor and the network centrality difference between
he and other relatively peripheral Institutional investors are positively related to stock price crash through covering up bad
news for private benefits by institutional investor network;however，the network centrality of other all relatively peripheral
institutional investors is negatively related to stock price crash through disclosing bad news to trade timely for avoiding
massive loss as trading so late until the collapse of the stock price using institutional investor network. Secondly，from the
aspect of the adverse consequence-stock price crash risk，this paper extends the research in this field of institutional
investors network’s economic consequences. Finally，the study’s found provides important reference value for regulators to
strengthen emphatically regulation of the institutional investor with strongest network location advantage in covering up bad
news and promote communication between other institutional investors in less network location advantage to reveal the bad
news，so as to prevent the stock price collapse.
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